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The dynamical sampling problem is a new problem in sampling theory
dealing with reconstruction of a function from its spatio-temporal samples. The
question of reconstructing the signal, when the positions of measuring devices
or sensors are not changing over time has been studied earlier. The focus of this
paper is on the case when devices are allowed to move. This, for example, may
happen when devices are placed on moving cars and measure the air pollution
as they travel within a polluted area.
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Introduction. The classical problem in sampling theory is to reconstruct a
function from its values (samples) on some subset of its domain. Sometimes the
sampling set is small (when measuring devices are expensive or only a few are
available) and the samples taken at one time are not enough to do full reconstruction
of the function. But if the function, as the initial state of some system, is evolving
over time, we can take more samples at different time instances, and try to combine
those spatio-temporal samples to recover the function.

Let f €V, f:X — C be an unknown function from a class of functions V
defined on the set X. Suppose f is evolving over time according to the rule

fi=Af, (1)

where A is a known operator on V. At time i (i =0,...,L — 1) sensors are taking
samples at (each time possibly different) locations Q; C X:

w=fln=@n|,, oy =AM o )
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The main problem in dynamical sampling is to uniquely reconstruct the
function f € V from the samples (2).

When X = Zy, Qo = - = Q;_1 = mZy, V = 1>(Zy) and the operator A is
given as a convolution with some kernel, has been addressed in [1]. For the case
of shift invariant spaces with X =R, Qy=---=Q; 1 =mZ, V =V (¢9), V()

being the space generated by the integer shifts of a function @ (x) and the operator
A is given as a convolution with some function, see [2-4]. In [5] the case when
Qo DOQ; D---DQp_ is treated.

In [6] authors allow also the operator A to be unknown. A generalization of
Prony’s method to reconstruct the spectrum of A and eventually the function itself is
used.

We consider the case when the set X is finite and V = /2(X). Without loss of
generality X can be assumed to be the set Zy = {1,...,d}, V be the [*(Z,) = C¢ and
the operator A be given as a d X d matrix.

Later we will also assume that there are fixed M number of measuring devices,
i.e., |Q;| = M for every i, and we are allowed to move them anywhere in X after each
measurement. For the classical sampling problem with moving devices in the class
of bandilimited functions see [7]].

Definition. We say that a system of subsets of X(Qq,...,Q; 1) allows
recovery, if any function f can be uniquely reconstructed from samples (2).

When |Q;| = 1 for every i, we call the system a path.

Lemma. (Q,...,Q;_1) allows recovery, if and only if the system of vec-

tors
{(A)e;} jeqn, i=0,..1—1 3)

.....

of CY.
Proof. Note that
Af(j) = (A'f,e5) = (f.(A")'e;)
and these inner products uniquely determine the f, if and only if the system (3)) is
complete in C. OJ
To find f from the samples (2), the transposes of vectors in (3) (as rows) can

be arranged into a big matrix A = A(Qo, ..., Q1) of size (|Qo|+ -+ [Qr—1]|) x d.
Then from

Af =y, “4)

where y is the vector of sampled values, f can be found by taking the left inverse
of A. The left inverse exists, if and only if A has full row rank or, equivalently,
the system is complete in R¢. Note that, for the reconstruction to be stable, the
system (3)) needs to form a frame for C¢. In finite dimensional space being a frame is
equivalent to being complete, but good frame bounds will provide a good condition
number for the matrix A.
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If (3) is not complete, then we can take the Moore-Penrose pseudoinverse of
A instead. Let 'V be the set of all f such that

f’ﬂo = Yo, (Af)’91 =15 .- (AL_lf)’QLfl =JYL-1,

where y; is the vector of sampled values at time i at locations €2;. This is an affine sub-
space of R". Then the solution to (), found by taking the Moore—Penrose
pseudoinverse of A, is the vector in V closest to the origin.

Main Theorems. Because we will be working with the A* mainly, let’s drop
the . It is the same as assuming the evolution in (1)) is given by A* instead of A.

Theorem 1. For given M there is a system (Qo,...,Q; 1), with |Q;] =M
i=0,...,L—1, that allows recovery, if and only if

LM >d and dim(ker(A)) <M.

Proof. The completeness of the system (3) implies that the number of
vectors in it should be no less than the dimension of the space RY, thus LM > d.

If dim(ker(A)) < M, then in the chain

RY = Im(A°) D Im(A)--- D Im(AL™") (5)
the codimention of each Im(A™*1!) in Im(A?) is at most M as
{x € Im(A")|A" (x) = 0} C ker(A).

Hence, we can select M vectors among ey, ...e, that, if added to Im(A), span
the whole R?. Pick the set of indexes of these vectors to be the Qy. If d < 2M,
then there are M vectors among Aey,...Ae, that, if added to {e;}icq,, span the R4,
Denote the set of indexes of these vectors by €. Then, for arbitrary choice of the rest
of the sets ;, i > 2, any function can be uniquely recovered by its samples on Q;,
i=0,...Q_1. If d >2M, pick M vectors {Ae;}icq, such that {e;}ico, U{Ae;}icq,
is a linearly independent system and, if {e;}ica, U{Ae;}icq, is added to Im(A?), it
spans the R4. Because LM > d, if we continue choosing the sets €; as above, at some
step the vectors found this way will span the R, and so by Lemma 1, the samples

taken at corresponding locations ; will allow recovery.
If dim(ker(A)) > M, then the system (3) cannot be complete in R? as Im(A)

will have dimension less than d — M. g
When there is only one device taking samples along paths of length L = d, is
of particular interest. In this case, by Lemma , a path (jo, ..., js—1) allows recovery,

if and only if the system {A’e i ;1;01 is a basis in R or, equivalently, the matrix

A =A(jo,---,ja—1) in (@) is non-singular.
Theorem 2. For ae. matrix A € My(C) every path of length d allows
recovery.
Proof. From (@), the path (jo,..., ja—1) does not allow recovery, if and only
if for A = .A(jo, cen ,jd_]),
det(A) = 0.

The set of matrices, for which this holds, is a lower dimensional algebraic variety in
the space of all d x d matrices. Any lower dimensional algebraic variety has measure
zero, and there are only finite number of paths of length d. U
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Theorem 3. For a given matrix A, there is a path that allows recovery, if
and only if in the Jordan form of A there is at most one Jordan block corresponding
to 0-eigenvalue. If the size of that Jordan block is k, then there are at least (d — x)!
paths of length d that allow recovery.

Proof. For any square matrix, number of its Jordan blocks corresponding
to O-eigenvalue is equal to the dimension of its kernel. So, if for matrix A there is
a path that allows recovery, then from the previous theorem A can have at most one
such Jordan block. Hence in (5) dim(Im(A*~1)) —dim(Im(A")))is 1 fori=1,...,k,
andisOfori=«x+1,...,d—1.

Following the proof of Theorem [I] there is at least one way to select the vector
ej, such that it is not in Im(A). After e, has been selected, there is at least one way
to choose the vector Aej, that is not in Im(A?). The same way there is at least one
way to choose the vectors in

Kk—1
e.,-o,...,A €jK71

such that each A™ e, | isnotin Im(A') i=1,...,k.

Because the codimension of Im(A**!) in Im(A¥) is 0, there are at least d — K
ways to select the vector A¥e;,_. After we choose it, there are at least d — kK — 1 ways
we can choose the A¥*le; | so that the system ej,,...,A¥ le;_, stays independent.
Then, for the A¥2e;,_,, there will be at least d — k — 2 ways to choose it such the
system stays independent and so on. This gives a lower bound on the number of paths
that allow recovery as (d — x)!. O

Note that, for matrices of the form

0 aip adip ... alx
0 ayxy ... ary
A= 0 Ax—1,x
0 Y

Ai+11,k+1

0

ad.d

wherea;,;,; #0i=1,...,k—landa]; #0i=Kk+1,...,d, there are exactly (d — k)
paths that allow recovery.

Theorem 4. For any non-singular matrix A there are at least d! paths that
allow recovery. Moreover, there are exactly d! such paths, if and only if A is a
diagonal matrix up to permutation of rows.

Proof. Suppose the number of paths allowing recovery is d!. Then, from
the proof of the previous theorem, for every e; there is an e; such that e¢; and Ae; are
linearly dependent:

Ae; = ce;

for some ¢ € C.



Petrosyan A. L. Dynamical Sampling with Moving Devices. 35

Lete;,,...e;, be a chain of vectors such that
Ae; , =csei, s=1,...m—1 and Ae; = cpe;,.

Consider the matrix E;,;, A, where E;,; permutes the i;-th and i,,-th rows of a matrix
when multiplied from the left. Then

E; i, Ae;, = cpEj i, ei, = cmei,
Ei i Ae;., = csEiiei, = csei, s=2,..m—1,

and

EilimAeiz = ClEi]imeil = C1€yy.

Also for every e;, which is not in the chain,
EilimAei = CEi]imej =cej :Ae,-.
Thus, we were able to reduce the number of elements in the chain by one. If the
process of permuting the columns of A is done for every such chain in the same way
as above, we will eventually end up with a permuted version A of A such that for
every i
Ae; = Aie;,

which implies that A is diagonal. U
Corollary. A non-singular self adjoint matrix has d! paths of length d
that allow recovery, if and only if it is diagonal.

Author expresses his gratitude to Akram Aldroubi for interesting discussions
that led to this paper.

Received 29.01.2015
REFERENCES

1. Aldroubi A., Davis J., Krishtal I. Dynamical Sampling: Time Space Trade-off. //
Applied and Computational Harmonic Analysis, 2013, v. 34, Ne 3, p. 495-503.

2. Aceska R., Tang S. Dynamic Sampling in Hybrid Shift Invariant Spaces. AMS
Contemporary Mathematics (CONM) BS, 2014, p. 149-168.

3. Davis J. Dynamical Sampling in Infinite Dimensions with and without a Forcing Term.
AMS Contemporary Mathematics (CONM) BS, 2014, p. 167-174.

4. Petrosyan A., Aceska R., Aldroubi A., Davis J. Dynamical Sampling in Shift-Invariant
Spaces. AMS Contemporary Mathematics (CONM) BS, 2013, p. 139-148.

5. Aldroubi A., Cabrelli C., Molter U., Tang S. Dynamical Sampling. // arXiv:1409.8333
[math.CA], 2014.

6. Aldroubi A., Krishtal I. Krylov Subspace Methods in Dynamical Sampling. //
arXiv:1412.1538 [cs.IT], 2014.

7. Groechenig K., Romero J., Unnikrishnan J., Vetterli M. On Minimal Trajectories
for Mobile Sampling of Bandlimited Fields. //Applied and Computational Harmonic
Analysis. Available online 1 December 2014: arXiv.org:cs:arXiv:1312.7794.



